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Research motivation & impact
e

* Human cerebral cortex morphology is subject to complex and diverse changes over the lifespan'~.

* Several factors might influence cortical thickness (CT) development and lifespan changes, but human data are scarce.

* Through spatial correlation approaches®*, recent advances in normative modeling of population-scale neuroimaging
data’2and availability of brain atlases covering a wide range of neural cell populations and neurobiological processes>~,
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Results overview
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